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Abstract
In this paper, we study oil price pass through into domestic inflation in a panel of oil exporting countries and propose a methodology to disentangle potential effects of different
transmission channels. In particular, we investigate effects of three transmission channels, namely, import (cost) channel, exchange rate channel, and fiscal (demand) channel
and quantify the relative importance of them. We find that the most important channel is
the import channel and the least important one is the fiscal channel in contrast to wildly
held belief. This finding, though surprising, can be explained by vast heterogeneity and
rising integration among countries. We also find that institutional arrangements such
as exchange regime, existence of fiscal rules and sovereign wealth funds are important
pillars of a lower inflation environment in oil exporting countries.
JEL Classification: C22; C23; E31.
Keywords: Panel VAR; Oil Exporting Countries
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Introduction

This paper studies transmission of oil prices into domestic inflation and proposes a methodology to quantify relative importance of different transmission channels. In our analysis, we
focus only on oil exporting countries, though this study can be easily extended to include oil
importing countries as well. However, we think that certain idiosyncratic aspects of transmission channels in oil exporting countries as well as existence of one additional channel
deserve a separate study.
There are several channels through which an oil shock can transmit to domestic inflation.
In oil importing countries, a higher oil price leads to a rise in production costs, which in
turn feeds into higher inflation. However, the conventional cost channel does not work in
the similar way in oil exporting countries. Because energy prices are highly regulated in
oil exporting countries, a surge in oil prices is not necessarily reflected in higher domestic
inflation. However, imported goods constitute a significant portion of consumption basket
as well as intermediate goods used in domestic production. Thus, though a surge in oil
prices is not directly transmitted to domestic inflation in oil exporting countries, its effect on
domestic inflation operates through imported goods. That is, nature of cost channel in oil
importing and exporting countries differs to certain degree. Though a rise in oil prices is
directly reflected in production cost and consequently, in domestic inflation in oil importing
countries, its effect is indirect and acts through imported goods in oil exporting countries.
Second, since oil prices are quoted in US dollars in international markets, there is an
important comovement between value of US dollar and oil prices. This correlation significantly affects market expectation of exchange rate in oil exporting countries. For instance,
in Russia one can observe a strong correlation between oil prices and USD/Rubl exchange
rate on daily basis. Thus, most of the time, a positive oil price shock leads to an appreciation
of exchange rate in oil exporting countries, which in turn exerts a downward pressure on
domestic prices.
Fiscal or demand channel is the other important channel of transmission to domestic
inflation and mainly, specific to oil exporting countries. The budget revenues of most oil exporting countries depend substantially on income, which are directly or indirectly related to
oil production. In these countries, oil production constitutes a significant portion of domestic production and even non-oil sector is indirectly linked to oil production. Though in some
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countries oil export revenues do not directly flow to budget, but rather accrue in Wealth
Funds, every year Wealth Funds contribute substantially to budget revenues through unilateral transfers. Pro-cyclicality of fiscal expenditure policy in most oil exporting countries
(Ilzetski and Vegh, 2008; Huseynov and Ahmadov, 2013, 2014) forms a potential source of
inflationary pressure during oil business cycles.
There is an ample literature on oil price pass through into inflation both for oil importing as well as oil exporting countries. Several studies find out a declining effect of oil on
infaltion as well as economic activity in oil importing countries such as US, Japan, UK, Germany, Italy, France (Hooker 1996, 2002; LeBlanc and Chinn 2004; Blanchard and Gali 2007;
Valcarcel and Wohar 2013). A more recent study by Conflitti and Luciani (2017) find small,
but a statistically significant and long lasting effect of oil price shocks on inflation in US and
Euro area. Some studies also reveal an assymmetric pass through into inflation - though a
positive oil price shock leads to a rise in domestic inflation, a negative shock does not have
statistically significant effect on inflation (Lown and Rich 1997). A declining role for oil is
argued to be due to rising effectiveness of montary policy management over time, less rigid
labor markets and declining energy intensity of industries.
A number of studies focus on emerging market economies as well as oil exporting countries. Chen (2008) and Dedeoglu and Kaya (2014) find statistically significant oil price pass
through into inflation in Turkey. According to Chen (2008), this pass through has increased
over time due to higher import dependency and energy intensiveness of existing industries.
Tang et al (2010) study the effect of oil price on the economic activity, inflation and interest
rates in China. According to them, though short run effects are statistically significant, oil
has a negligible effect on the economy in the long run. Jongwanich and Donghyun (2011)
report a limited role for oil in nine Southern and Southeast Asian countries. Though small,
Adeniyi et al (2012) find a statistically significant effect of oil price on inflation in Nigeria.
Farzanegan and Markwardt (2009) find that both negative and positive oil price shocks raise
inflation significantly in Iran. Ito (2008) concludes that oil price pass through into inflation
is significant and relatively larger in Russia. Gronwald et al (2009) demonstrate that similar
findings apply for Kazakhstan as well.
Though there is an extensive literature on the effects of an oil price shock on economic
activity, there is not much effort to quantify and disentangle potential effects of different
channels. A recent study by Karimli et al (2016) discuss oil price pass through into inflation
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in three oil exporting CIS countries (Azerbaijan, Kazakhstan, and Russia) and proposes a
metholdogy to disentangle the effects of different channels. The proposed approach draws
on Doan, Litterman and Sims (1984) and Waggoner and Zha (1999), who apply this methodlogy in a conditional forecasting framework. It is worth to noting that Bernanke et al (1997)
employed the same methodology to disentangle the probable effects of systematic monetary
policy from unsystematic one in US.
Our study differs from Karimli et al (2016) in several dimensions. First, we propose
a different methodology to shut down a channel in a VAR framework, which is relatively
much simpler and more intuitive. That is, to shut down a channel, Karimli et al (2016)find the
most probable shock combinations that will make the response of the channel variable to an
oil price shock equal to zero. In contrary, our approach is based on a more structured system
and imposes the respective zero coefficients on the structural VAR parameters to shut down
the channel. In that sense, our approach is more robust to Lucas critique. Second, though
Karimli et al (2016) carry out their analysis in an individual VAR framework, our study
is based on a panel framework and uses the advantages of heterogenous panel approach.
Third, Karimli et al (2016) study covers only 3 oil exporting CIS countries, whereas our
study encompasses 22 oil exporting countries which account more than 95% of world oil
exports. Besides, our recent dataset is relatively more comprehensive and a valuable source
of information on main macro variables of oil exporting countries on quarterly basis.
Our study reveals some interesting findings. First, among the three investigated channels, the most important one is the import channel and the second is exchange rate channel.
Second, the fiscal channel is the least important channel in transmitting oil shock to domestic inflation. This result might seem surprising and run contrary to our intuition since we
expect that the most important channel should be the fiscal channel. However, this counterintuitive result can be explained by two reasons: (i) our panel of countries is very heterogeneous. Though it includes countries like Azerbaijan, Russia, Kazakhstan where fiscal channel might be important, it also covers countries such as Canada, Australia, Norway, Mexico,
etc where fiscal channel might be very weak. In fact, regression results reveal significant
heterogeneity across countries in the case of the fiscal channel shut down. (ii) because of the
rising globalization, the relative weight of global factors in shaping domestic inflation have
increased over time (Huseynov and Ahmadov, 2014). This is in fact once more confirmed by
our results - the import channel is the most important channel. Third, the regression analy4

sis reveals that institutional arrangements such as exchange regime, existence of fiscal rules
and sovereign fund can be important pillars of a lower inflation environment in a national
economy. However, it seems that central bank independence is not an important factor in
explaining heterogeneous inflation responses as well as inflation differentials across countries. This may be due to the fact that if there is an adequate institutional setup present in a
country, then central bank independence has little relevance in explaining inflation differentials.
The remainder of the paper is organized as follows. In Section 2 we discuss the data and
estimation methodology. Section 3 presents the empirical results, and in Section 4 we discuss
our findings and discuss policy implications. Section 5 offers concluding remarks. Detailed
discussions of data sources and computations are collected in a data appendix.

2

Data and Methodology

For the purpose of this study, we construct panel time series data on five key variables and
combine these with time series data on real oil prices. Specifically, we refer to these six variables as ”oil price” (WOP), ”domestic oil production” (OPROD), ”real budget expenditures”
(FEXP), ”trade partner CPI” (TPCPI), ”nominal effective exchange rate” (NEER) and ”domestic CPI” (CPI). For these variables we compile quarterly data from 22 key oil exporting
countries1 for the period 2000-2016, primarily from official country sources. In cases where
data is publicly unavailable, we complement our dataset from other international sources
such as IFC, GCC, and IMF article IV among others.
With the exception of only a few cases, all data on CPI and fiscal expenditures are collected from the national sources for each country. The data on real oil price is the per barrel
USD price of Brent oil, which is taken from the IMFs monthly data set on primary commodity prices, deflated by the US CPI. Oil production data for each country is collected from the
OPEC Monthly Oil Market Report. The production data is expressed as an average daily oil
production in millions of barrels per day over a given quarter. Data for both nominal and
real effective exchange rate series are taken from the Bruegel dataset. This database includes
updated time series on real and nominal effective exchange rates from the papers by Zsolt
1 Specifically

Algeria, Angola, Australia, Azerbaijan, Brazil, Canada, Colombia, Ecuador, Indonesia, Iran,
Kazakhstan, Kuwait, Malaysia, Mexico, Nigeria, Norway, Oman, Qatar, Russia, Saudi Arabia, UAE andk UK.
We exclude Iraq, Libya and Venezuela from our sample due to data availability issues. Taken together these
countries account for more than 95% of world oil exports.
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(2012a, 2012b). Additionally, based on the NEER and REER data we compute the implied
time series data for trade partner CPI for each country of our sample. Detailed information
on data definitions and sources can be found in the data appendix.
As our empirical methodology, we employ a heterogeneous panel VAR approach based
on Pedroni (2013). The method is well suited for cases such as ours in which the data span is
relatively short for any one country, yet the dynamics are expected to be fairly heterogeneous
among the countries of the sample. Furthermore, methodology allows us study some of
the determinants of the heterogeneity in the dynamic responses, which is central to our
study. In particular, our aim is to unveil the relative strengths of different channels that
facilitate the transmission of an oil price shock to domestic inflation, and to assess what
country characteristics are associated with the differences among countries for the relative
strengths of these channels.
To better understand our choice of variables, consider the following. Since the world oil
price is mostly exogenous to any system of variables at a country level, an oil price shock
can be easily identified in a VAR framework with data on only two variables oil price and
domestic inflation. However, our primary aim is not only to identify an oil price shock and
study its effects on domestic inflation, but also to uncover the main channels of transmission
by which the oil price shocks impacts domestic inflation so that we can consider the implications for designing policy to help to mitigate against the effects. Specifically, similar to
Karimli et. al. (2016), we investigate what we refer to as the ”(import) cost” channel and the
”fiscal expenditure” channel as the two main channels by which oil price shocks transmit to
the domestic economy for oil exporting countries.
However, in addition to these two channels, we believe that the ”exchange rate” channel
can also play an independent and important role in transmitting oil price shocks to domestic
inflation. For example, in the case of Russia, there is a strong correlation between the data on
oil price movements and the RUBL/USD exchange rate fluctuations on a daily basis. Market
expectations appear to create a close comovement between these variables and to drive the
exchange rate fluctuations. Therefore, in addition to oil prices and domestic inflation, we
also include trade partners CPI2 , nominal effective exchange rates and fiscal expenditures
to help identify these channels. Finally, we also include domestic oil production data. This
2 To

measure any effect of an import channel we employ trade partner CPI data. This is because import price
data is not available for most of the countries in the panel.

6

is because in some small countries we observe a spurious correlation pattern between the
world oil price and domestic oil production data. For example in the case of Azerbaijan
the positive world oil price movements generally coincide with the production boom years
during the sample period. Therefore, adding production data allows us to safely disentangle
the domestic oil supply shock from the world oil price shock.
Thus, the estimated VAR is composed of four variables in the following order: oil price,
domestic oil production, a channel variable (either trade partner CPI, NEER, or fiscal expenditure) and domestic CPI. Because the world oil price is taken to be exogenous with respect
to individual countries of our sample, we impose the corresponding block exogeneity restrictions on it so that there is no Granger causality running from the domestic variables to the
world oil price. Hence, no other variable enters the oil price equation except its own lagged
values. We determine the best lag order for every individual country VAR as follows. First,
we run an AR( p) process for the oil price and determine the best lag order for it. Second,
we estimate a VAR( p) process for the four variable system given the fitted AR( p) process
for the oil price and choose the optimal lag order for the VAR for each country. Note that the
fitted AR( p) process for the oil price is determined in the beginning of all estimations and
hence, each individual country VAR has the same estimates for the oil price in the system.
Therefore, the composite oil price shock is the same as the common oil price shock and the
idiosyncratic component of the oil price shock is equal to zero by construction.
In the light of above discussion, we can introduce our estimation, structural shock identification as well as channel shut down strategy in technical detail now. To begin, using
quarterly growth rates of above variables, we estimate a reduced form VAR for each panel
member to recover the composite shocks associated with each country. In addition, we also
estimate a reduced form VAR for the time effects which help to recover common shocks. As
mentioned above, for an oil price shock, the composite and the common shock will be the
same, so that the weight on the idiosyncratic component is set to zero.
Our orthogonalization strategy for the remainder of the system is based on the Cholesky
decomposition. As mentioned above, identifying an oil price shock is relatively easier as it
is exogenous to the rest of the system and therefore appears first in the ordering. The other
variables in the system can be viewed as controls that help to measure the effects of various channels in transmitting an oil price shock to domestic inflation. In terms of panel VAR
notation, let Zit = (wopt , oprodit , channelit , cpiit )0 be our vector of demeaned variables in lev7

els, so that Ri ( L)∆Zit = µit , Ri ( L) = I − ∑ Pj=i 1 Rij L j represents the stationary VAR form in
differences where the first variable carries only a t subscript. Let Ai (0) be a Cholesky factorization of the covariance matrix for µit , namely Ai (0) Ai (0)0 = Ωµi , so that eit = Ai (0)−1 µit
becomes the vector of orthogonalized composite shocks of the ”structural” Cholesky VMA
j
−1
i
representation ∆Zit = Ai ( L)eit , Ai ( L) = ∑Q
j=0 Aij L , with Ai ( L ) = Ri ( L ) Ai (0). Similarly,

for the cross sectional averages that are used to identify the common shock, µ̄t = Ā(0)ēt
and Ā(0) Ā(0)0 = Ωµ̄ . Following Pedroni (2013), the loadings of the diagonal matrix Λi for
the common versus idiosyncratic components of the composite shocks are consistently estimated by computing the correlation between the composite shocks for each country, eit and
the common shocks ēt .3
In this context, to understand the mechanism for investigating the transmission channels
of interest, denote the inverse of the A( L) polynomial as B( L), so that B( L) = A( L)−1 becomes the VAR form consistent with the Cholesky orthogonalization. This form allows us to
impose restrictions that effectively shut down various channels of transmission corresponding to the row of the channel variable in the B( L) matrix.
It is worth noting that one can also include all the three channel variables simultaneously
in the same VAR setting. In this particular case, we can discuss direct vs indirect channel shut
down. For any one of the channels, we can think about selectively shutting down either the
direct channel that operates through a particular variable, the indirect channel that operates
through a particular variable, or both concurrently. Consider that we are interested in studying the response of an economy to an oil price shock under the counterfactual condition that
a particular transmission channel does or does not operate. Since the analysis envisions a
response to ceteris paribus orthogonal shock, one imagines that only the oil shock is realized, with all other shocks being held fixed. Therefore, all of the variables are responding
either directly or indirectly to this single shock. Then, by restricting the responses of some
of the variables in the autoregressive form B( L) and recomputing the associated moving average form A( L), we can examine the counterfactual consequences of this restriction for the
responses of the each of the economic variables to the oil shock.
To give an example in the case of a six variable VAR when all the channel variables are
included in the system, imagine that we are interested to know the implications of shutting
down the fiscal channel. Then, in terms of our matrix notation, in order to shut down only
3 See

Pedroni (2013) for further detail.
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the direct effect of an oil shock on an economy via the fiscal channel, we would need to
set Bj (5, 1) = 0 for j = 0, 1, ..., P and then recompute the impulse responses from A( L) =
B( L)−1 subject to this restriction. This effectively imagines that fiscal expenditure does not
respond directly to any movements in the price of oil that are due to the oil shock, but
it does allow for the possibility that fiscal expenditure responds to other variables that are
responding to the oil shock. Thus, it leaves open the possibility of an indirect fiscal channel.
In order to selectively shut down any of these indirect channels, one can selectively set any
of the restrictions Bj (5, 2) = 0, Bj (5, 3) = 0, Bj (5, 4) = 0, Bj (5, 6) = 0 for j = 0, 1, ..., P and
recompute the associated impulse responses from A( L). If all four of these are implemented,
then this effectively imagines that fiscal expenditure is not responding to any of the other
economic variables that are impacted by the oil shocks, so that all indirect channels that
work through fiscal policy are shut down. Of course in the extreme case we can also shut
down both the direct and indirect effects concurrently by imposing all of these restrictions,
which is equivalent to imagining the dynamics of fiscal expenditure to be strictly exogenous.
It is also worth to noting that in the case of a four variable VAR, we can only shut down all
effects, that is, both direct and indirect effects at the same time.
To summarize then, if we wish to implement a counterfactual channel restriction, we
can think of the estimation algorithm for each member of the panel, as well as for the cross
sectional averages of the panel, as follows:
1. Estimate the unrestricted VAR, namely R( L)∆Z = µ.
2. Impose orthogonalization or identification of the shocks via an appropriate A(0) factorization of Ωµ to obtain the unconditional structural VMA form as A( L) as A( L) =
R ( L ) −1 A (0 ).
3. Compute the unconditional structural VAR form as B( L) as B( L) = A( L)−1 .
4. Impose the counterfactual channel shut down as zero restrictions on B( L) and call this
restricted version B̃( L).
5. Use the restricted B̃( L) to compute the conditional structural impulse responses from
Ã( L), where Ã( L) is the inverse of the restricted B̃( L), namely Ã( L) = B̃( L)−1 .
In the panel context, the algorithm can be applied equivalently to the responses to either
the composite, idiosyncratic or common shocks.
9

Figure 1: Average panel responses

3

Figure 2: Median panel responses

Empirical Results

In this section, we report our empirical results on three channel shut down exercises. Before
presenting our results, it is worth to noting that we shut down all effects of an oil price shock
through any channel to inflation. We report the results of the IRF analysis which shows the
first moment differences in responses.
First, we estimate a four variable VAR (the channel variable is TPCPI) and shut down the
cost (import) channel. We compute both unconditional as well as conditional (channel shut
down) responses of inflation to an oil price shock. Then we calculate the difference between
two responses, subtracting unconditional responses from conditional ones. A negative value
indicates that inflation is lower in the channel shut down case.
Figure 1 shows average panel responses whereas Figure 2 presents median as well as
quartile responses based on the panel sample heterogeneity. In the former, it is obvious that
on average shutting down the import channel significantly reduces the effect of an oil price
shock on inflation. As we will see in the coming paragraphs, it will turn out that the import
channel is one of the most influential channels of transmitting an oil price shock into inflation
in almost all oil exporting countries. This result is also supported by the Figure 2. As can be
seen, though median and quartile responses display some degree of heterogeneity, it seems
that shutting down this channel significantly reduces the impact of an oil price on inflation.
This result is true for almost all oil exporters in the panel. Not only quartile responses, but
also 90% confidence bands significantly differ from zero.
At an individual country level, except the response of inflation in UAE (for some cases
in Algeria as well) the inflation behavior is aligned with our ex-ante expectations. Because
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Figure 3: Inflation differences

Figure 4: Average panel responses

the magnitude of the oil price shock is the same for all panel members, one can compare
the responses of the inflation across countries. For example, in Azerbaijan a 14% oil price
increase leads to a 7% hike in inflation in the fourth quarter, whereas in Canada this effect is
almost equal to zero (Figure 3).
Next, we repeat our exercise with the 4 variable VAR, replacing the channel variable with
the exchange rate. We estimate the model and shut down the exchange rate channel. We expect that when we shut down this channel, inflation should be higher when compared to
the unconditional case. This is because a positive oil price shock leads to an appreciation of
nominal exchange rate in oil exporters, which in turn feeds into lower inflation. Hence, shutting down the channel prevents it from exerting downward pressure on inflation. If we look
at the results, it seems that there are sufficient heterogeneity in the responses. This can be
seen from the median as well as quartile panel responses (Figure 5). The sample heterogeneity in differences between conditional and unconditional responses covers positive as well
as negative values. In other words, there are countries in the sample where shutting down
channel leads to higher inflation whereas in others, it is the reverse. When we look at the
average response (Figure 4), the maximum value is 0.02 which is very small in magnitude,
i.e., approximately 14% rise in oil prices leads to 0.02% differences in inflation.
Looking at the responses at a country level, Algeria, Australia, Canada, Ecuador, Indonesia, Kuwait, Malaysia, Oman and UK do not show any difference between conditional and
unconditional responses. The behaviour of the inflation in Saudi Arabia is counter-intuitive
in the channel shut down exercise, as we observe lower inflation. Another interesting case
is Russia. In the unconditional analysis, a positive oil price shock leads to lower inflation
in Russia (Figure 6). However, it is reasonable to expect the reverse of that outcome, i.e.,
11

Figure 5: Median panel responses

Figure 6: IRFs for Russia

Figure 7: Inflation differences

Figure 8: Average panel responses

a higher inflation. It is encouraging that such weird behavior is explained with a help of
channel shut down exercise. This exercise reveals that such unexpected behavior of inflation
is due to an appreciation of the exchange rate after a positive oil shock. The effect of a rise
in oil prices on the appreciation of Rubl is very strong, which exerts downward pressure on
inflation and totally dominates over the other upward forces. It is worth noting that among
the advanced nations in our panel of the oil exporters only Norway reacts to the channel
shut down exercise (Figure 7).
The last channel that we want to investigate is the demand channel (or f iscal expenditure
channel). At the aggregate level, the response patterns among the oil exporters exhibit strong
diversity. The median response in the panel is not significantly different from zero (Figure
9). This is confirmed by the sample quartile responses which take both positive as well as
negative values around zero. However, the average response is positive and different from
zero (Figure 8).
Before presenting our results at a country level, let’s clarify one point in the aggregate
12

Figure 9: Median panel responses

Figure 10: Inflation differences

outcomes above. Because different countries design different fiscal policy, we do not expect similar inflation responses in the fiscal channel shut down exercise. If a country implements a fiscal policy which do not respond to any oil price cycles, then conditional and
unconditional impulse-responses should not be different from each other. This is what we
observe in the case of Australia, Brazil, Canada, Colombia, Iran, Ecuador, Kazakhstan, Indonesia, Kuwait, Malaysia, Nigeria, Norway, Qatar and UK.
However, if the fiscal policy is pro-cyclical, then we would observe lower inflation. The
channel shut down exercise for Algeria, Angola, Azerbaijan, Oman, Russia and UAE display
the pro-cyclical response patterns. That is, in those countries the conditional responses are
distinct from the unconditional ones and in line with a pro-cyclical fiscal policy. In other
words, when we shut down the f iscal channel, we observe a lower domestic inflation.
In contrary, in Mexico and Saudi Arabia, the channel shut down leads to higher inflation. This can be explained by a counter − cyclical fiscal policy. If a country implements a
counter − cyclical policy, it is reasonable to expect that the domestic inflation in that country is higher when this channel is closed. Though a counter − cyclical fiscal policy can be
imagined about Mexico, it is difficult to attribute it to Saudi Arabia as well.

4

Discussion

Our empirical analysis in the previous section reveals a large degree of heterogeneity among
countries in the panel. Undoubtedly, heterogeneity to a common shock is related to country
specific characteristics such as institutional setup, macroeconomic environment, exchange
regimes, etc. As Pedroni (2013) suggests one can tap data on country characteristics and
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identify roles of country specific factors by regressing impulse-responses on them.
First, we draw on unconditional impulse-responses of the import channel and regress
it on certain country characteristics. These country specific data are per capita income, degree of exchange rate f lexibility, central bank independence, number of f iscal rules in action,
import share as a percentage of GDP, existence of a sovereign f und and oil dependence as a
percentage of GDP (see Appendix B). The data on these indicators is on annual basis and
covers the period 2000-2016 (we use average of these variables over this period). As the LHS
variable, we employ the data on cumulative inflation for each country due to the oil price
shock. The cross section regression results are presented at the Table 1 below.
Table 1: Regression results using unconditional (import channel) IRF
Variables

Coefficients

std

t-stat

p-val

constant
per capita income
exchange rate
CB independence
f iscal rules
import share
Sovereign Fund
oil dependence

10.6
−0.43
−1.22
−1.78
0.29
−0.05
1.37
−0.06

3.4
0.28
0.27
1.61
0.31
0.01
0.78
0.02

3.1
−1.54
−4.43
−1.11
0.92
−3.03
1.77
−3.83

0.01
0.15
0.00
0.29
0.37
0.01
0.10
0.00

Notes:

As regression results reveal, there are certain country characteristics that can statistically
significantly explain existing heterogeneity among country IRFs. It seems that the per capita
income, f iscal rules and existence of cental bank indpendence cannot be considered among
important factors that are responsible for the heterogeneity in responses. In contrary, existen
ce of sovereign f und, exchange rate f lexibility, import share and oil dependence are statistically meaningful characteristics in accounting such heterogeneity. Though we avoid interpreting these results as causality, still we can discuss our findings in terms of correlation . For
instance, it seems that a more exchange rate flexibility is accompanied by a lower inflation
response to an oil price shock.
One can carry out the same exercise with the conditional impulse-responses as well. First,
we shut down the import channel and run the same regression analysis. The regression results are provided in the Table 2. In this regression, only central bank independence is statistically insignificant. Though per capita income and f iscal rules are statistically insignificant
14

in the uncondtional IRF analysis, now they become statistically significant.
Table 2: Regression results using conditional (import channel) IRF
Variables

Coefficients

std

t-stat

p-val

constant
per capita income
exchange rate
CB independence
f iscal rules
import share
Sovereign Fund
oil dependence

17.6
−0.98
−2.19
−0.75
0.90
−0.07
3.17
−0.10

4.8
0.0.4
0.39
2.28
0.44
0.02
1.10
0.02

3.6
−2.45
−5.61
−0.33
2.02
−3.34
2.88
−4.39

0.00
0.03
0.00
0.75
0.06
0.00
0.01
0.00

Notes:

Table 3: Regression results using differences (import channel)
Variables

Coefficients

std

t-stat

p-val

constant
per capita income
exchange rate
CB independence
f iscal rules
import share
Sovereign Fund
oil dependence

7.01
−0.55
−0.97
1.03
0.61
−0.03
1.80
−0.04

3.65
0.30
0.29
1.73
0.34
0.02
0.83
0.02

1.92
−1.81
−3.29
0.60
1.82
−1.59
2.16
−2.24

0.08
0.09
0.01
0.56
0.09
0.13
0.05
0.04

Notes:

Comparing unconditional and conditional cases, it is clear that per capita income variable
has become more important than before. In other words, in the conditional case, higher
income countries are more correlated with lower inflation responses to an oil price shock.
Beside, this difference is statistically significant at 10% level. This can be seen if we regress
the differences between conditional and unconditional responses on the above regressors
(Table 3). Except central bank independence and import share (which is barely insignificant)
all other factors are statistically significant at 10% level. It is interesting that import share
cannot meaningfully explain such differences in impulse-responses when the import channel
is closed. This can be due to two reasons: (i) it is evident from the Table 1 and Table 2 that
import share is essential in reducing inflation. In other words, being more integrated to the
world economy helps to lessen inflation pressures coming from an oil price shock. However,
15

to make a difference between the channel shut down exercise and the unconditional case
this factor alone is not enough. It appears that existing institutional arrangements such as
f iscal rules in action, existence of Sovereign Fund or oil dependence are more important (ii)
countries in the panel are more or less well-integrated to the world economy than before.
Their dependence on imports (as % of GDP) are very similar except for two or three of them.
In fact, Huseynov and Ahmadov (2013) claim that rising integration to world economy may
lead to a decline in the role of oil in explaining business cycles in oil exporting countries.
Moreover, the regression analysis reveals very interesting findings. For instance, a more
flexible exchange regime leads to a reduction in inflation differential between the two cases
(when the channel is open vs when the channel is closed). That is, as countries move to more
flexible regimes, the significance of the import channel declines, which is also the case in the
conditional IRF analysis. To give anothe example, as the number of fiscal rules adopted
by a country goes up or if there exists a sovereign f und, the inflation differential becomes
larger. In other words, having more fiscal rules makes difference when it comes to the import
channel.
Table 4: Regression results using conditional (exchange channel) IRF
Variables

Coefficients

std

t-stat

p-val

constant
per capita income
exchange rate
CB independence
f iscal rules
import share
Sovereign Fund
oil dependence

3.87
−0.18
−0.17
−0.89
−0.04
−0.01
0.12
−0.01

1.94
0.16
0.16
0.923
0.18
0.01
0.44
0.01

2.00
−1.12
−1.09
−0.97
−0.20
−1.57
0.26
−1.51

0.07
0.28
0.30
0.35
0.84
0.14
0.80
0.15

Notes:

We carry out the same exercise with the two remaining channels as well. We do not report the results of unconditional responses for these channels as they are not significantly
different from the results of the first channel (only the magnitudes of the coefficients change
a little bit). In the Table 4 and Table 5, the regression results for the exchange channel and
differences are displayed. In the case of the exchange channel, all regressors turn out to be
statistically insignificant at 10% level. However, the regression of differences on the same explanatory variables produces statistically significant results. Except CB independence, f iscal
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Table 5: Regression results using differences (exchange channel)
Variables

Coefficients

std

t-stat

p-val

constant
per capita income
exchange rate
CB independence
f iscal rules
import share
Sovereign Fund
oil dependence

−9.11
0.44
1.22
1.63
−0.48
0.04
−2.30
0.07

3.28
0.27
0.26
1.55
0.30
0.01
0.75
0.02

−2.78
1.60
4.62
1.05
−1.61
2.69
−3.08
4.54

0.01
0.13
0.00
0.31
0.13
0.02
0.01
0.00

Notes:

rules and per capita income (which are barely insignificant) all other explanatory variables
are significant at 10% level. According to the regression results, a more flexible exchange
rate, a higher import share and a higher oil dependence are correlated with a higher inflation differential between the conditional and unconditional impulse-responses. Instead,
having a sovereign fund is negatively correlated with the inflation differential.
Table 6: Regression results using conditional (fiscal channel) IRF
Variables

Coefficients

std

t-stat

p-val

constant
per capita income
exchange rate
CB independence
f iscal rules
import share
Sovereign Fund
oil dependence

3.45
−0.13
−0.41
−0.81
0.17
−0.02
0.77
−0.02

2.68
0.22
0.22
1.26
0.25
0.01
0.61
0.01

1.29
−0.60
−1.90
−0.64
0.67
−1.37
0.1.26
−1.33

0.22
0.56
0.08
0.53
0.51
0.19
0.23
0.20

Notes:

The results of the f iscal channel exercise are reported in the Table 6 and Table 7. In the
cases of both conditional IRF as well as differences, all variables are statistically insignificant
at 10% significance level except exchange rate (per capita income is also barely insignificant).
It seems that only exchange rate flexibility is an important factor in explaining heterogeneity
across countries. According to the regression outputs , moving to a more flexible exchange
regime leads to an increase in the inflation differential. Moreover, the insignificance of the
f iscal rules can be explained on the ground that when one shuts down the f iscal channel,
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Table 7: Regression results using differences (fiscal channel)
Variables

Coefficients

std

t-stat

p-val

constant
per capita income
exchange rate
CB independence
f iscal rules
import share
Sovereign Fund
oil dependence

−1.74
0.11
0.12
0.40
−0.05
0.00
−0.05
0.00

0.83
0.07
0.07
0.39
0.08
0.00
0.19
0.00

−2.09
1.56
1.80
1.01
−0.64
0.88
−0.24
0.90

0.06
0.14
0.09
0.33
0.53
0.39
0.81
0.38

Notes:

there is no added value from having a fiscal rule.
To summarize, among the three channels investigated in this paper, we have found that
the most important channel that transmits an oil price shock to domestic inflation is import
channel. Given rising integration among countries over the globe, this finding should not
be surprising. As mentioned in the above paragraphs, Huseynov and Ahmadov (2013) also
find that rising globalization might play an instrumental role in reducing the importance of
oil in explaining business cycles of oil exporting countries. In addition, exchange channel
also plays a role in transmitting an oil price shock into domestic inflation. This role is especially strong for some countries, such as Russia. Besides, in all of the channel shut down
exercises, only exchange regime remains statistically significant factor. That is, exchange
regime matters in explaining inflation differentials among countries.
In addition, our empirical findings assign a smaller role to f iscal channel. This result
might seem surprising and run contrary to our intuition since we expect that the fiscal channel will be the most important one. However, this counter-intuitive result can be explained
by two reasons. First, our panel of countries is very heterogeneous. Though it includes
countries such as Azerbaijan, Russia, Kazakhstan where fiscal channel might appear important, it also encompasses countries such as Canada, Australia, Norway, Mexico, etc where
fiscal channel might be very weak. In fact, regression results reveal a significant heterogeneity across countries in the case of the fiscal channel shut down. Second, because of the
rising globalization, the relative weight of global factors in shaping domestic inflation has
increased over time (see, for instance, Huseynov and Ahmadov (2014)). This is in fact once
more confirmed by our results - the import channel is the most important channel. That is,
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the domestic inflation in oil exporting countries have become a global phenomenon rather
than a local one.
Moreover, the regression analysis reveals that the institutional arrangements such as
exchange regime, existence of f iscal rules and sovereign f und can be important pillars of
a lower inflation environment in a national economy. However, it seems that central bank
independence is not an important factor in explaining heterogenous inflation responses as
well as inflation differentials across countries. This may be due to the fact that if there is an
adequate institutional setup present in a country, then central bank independence has little
relevance in explaining inflation differentials.

5

Conclusions

In this study, we investigate oil price pass through into domestic inflation and propose a
methodology to disentangle probable effects of different channels in a panel of oil exporting
countries. Our approach is based on a more structured framework and hence, more robust
to Lucas critique. Our study reveal several interesting results. First, we find that the most
important channel is the import channel and the least important one is the fiscal channel.
This result is surprising as we expect that the fiscal channel would be the most significant
transmission channel. However, this counter-intuitive finding can be explained by two reasons: (i) our panel of countries is very heterogeneous. Fiscal channel might be important
for countries like Azerbaijan, Russia, Kazakhstan, etc. But for other countries like Canada,
Australia, Norway, Mexico in the panel, fiscal channel is very weak. In fact, our regression
analysis reveals significant heterogeneity across countries (ii) because of the rising integration, the relative weight of global factors in explaining domestic inflation has steadily grown
over time (Huseynov and Ahmadov, 2014). This conclusion is once more re-emphasized
by our empirical findings - the import channel is the most significant transmission channel. Third, our regression analysis reveals that institutional arrangements such as exchange
regime, existence of fiscal rules and sovereign fund are important elements of lower inflation
environment in oil exporting countries. However, it seems that central bank independence
is not an important factor in explaining heterogeneous inflation responses as well as inflation differentials across countries. This may be due to the fact that if there is an adequate
institutional setup present in a country, then central bank independence has little relevance
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in explaining inflation differentials.

Acknowledgments
We would like to thank to our colleague at the Central Bank of Azerbaijan for their valuable
comments and suggestions. We are also grateful to the BCC program, the SECO and the
Geneva Graduate Institute for their support during the course of the project. The views
expressed are those of the authors and do not necessarily reflect the views of the Central
Bank of the Republic of Azerbaijan.

References
Adeniyi O. A., Margaret J. H., and Evbuomwan. O., 2012, Oil price pass-through into
inflation: empirical evidence from Nigeria Central Bank of Nigeria Economic and Financial
Review, Vol. 50(1)
Bernanke, B. S., Gertler, M., and Watson, M., 1997, Systematic Monetary Policy and the
Effects of Oil Price Shocks, Brookings Papers on Economic Activity, Vol. 1997(1), pp. 91157
Blanchard, O. J. and Gal, J., 2007, The Macroeconomic Effects of Oil Price Shocks: Why
are the 2000s so different from the 1970s?, University of Chicago Press, International
Dimensions of Monetary Policy, pp. 373 421
Chen, S. S., 2008, Oil Price Pass-Through into Inflation. Social Science Research Network, online access
Conflitti, C. and Luciani, M., 2017, ”Oil price pass through into core inflation”, Board of
Governors of the Federal Reserve System, Finance and Economics Discussion Series 2017085
Dedeolu, D., and Kaya, H., 2014, Pass-through of oil prices to domestic prices: Evidence
from an oil-hungry but oil-poor emerging market. Economic Modeling, Vol. 43(C), pp.
67-74.
Doan, T., Litterman R., and Sims, C., 1984, ”Forecasting and conditional projection using
realistic prior distributions”, Econometric Reviews, Vol. 3(1) , pp. 1-100

20

Farzanegan, M. R. and Markwardt, G., 2008, The effects of oil price shocks on the Iranian
economy, Dresden University of Technology, Dresden Discussion Paper Series in Economics 15/08
Gronwald, M., Mayr, J. and Orazbayev, S., 2009, Estimating the effects of oil price shocks
on the Kazakh economy, Ifo Institute for Economic Research at the University of Munich,
Ifo Working Paper No.81
Hooker, M., 1996, Exploring the robustness of the oil price-macroeconomy relationship,
Federal Washington, DC: Reserve Board Publications
Hooker, M., 2002, Are oil shocks inflationary? asymmetric and nonlinear specifications
versus changes in regime, Journal of Money, Credit and Banking, Vol. 34, pp. 540-561
Huseynov, S. and Ahmadov, V., 2013, Oil windfalls, fiscal policy and money market disequilibrium, Williams Davidson WP 1051
Huseynov, S. and Ahmadov, V., 2014, Business cycles in oil exporting countries: a declining
role for oil?, Geneva Graduate Institute, WP 03/2014
Ilzetzki E. and Vegh C.A., 2008, ”Procyclical fiscal policy in developing countries: truth or
fiction”, NBER, Working Paper Series No. 14191
Karimli, T., Jafarova, N., Aliyeva, H. and Huseynov, S., 2016, ”Oil price pass-through into
inflation: the evidence from oil exporting countries”. Graduate Institute of International
and Development Studies , Working Paper Series No. 01-2016
Katsuya, I., 2008, ”Oil price and macroeconomy in Russia”, Economics Bulletin, Vol. 17(17),
pp. 1-9.
LeBlanc, M and Chinn, M., 2004, Do high oil prices presage inflation?, Business Economics,
Vol. 39(2), p. 38
Pedroni, P., 2013, ”Structural panel VARs”, Econometrics, Vol. 1(2), pp. 1-27
Waggoner, D. F. and Zha, T. (1998) Conditional forecasts in dynamic multivariate models,
Federal Reserve Bank of Atlanta, Working Paper 98-22

21

Appendices
A

Data Sources and Definitions

We compile data on CPI, f iscal expenditures and GDP (as well as its components by expenditure) of 22 main oil exporting countries for the period 2000-2016 from official country
sources depending on the availability of the data. If data is unavailable, we try to complement our dataset from other international sources, such as IFC, GCC, IMF IV Article, etc.
Note that GDP (and its components) data is employed to interpolate annual fiscal expenditure figures based on Chow and Lin (1971) approach if high frequency data (quarterly)
is not available for this series. Data on NEER/REER series are taken from Bruegel dataset
on Real E f f ective Exchange rate database on 178 countries. This database includes updated
time series on real and nominal effective exchange rates from three papers by Zsolt (2012).
As relevant variables in our analysis, we choose NEER/REER monthly series with 138 trading partners. Data on Trade partners0 CPI is computed by multiplying NEER to domestic
CPI and dividing it by REER after normalizing all relevant variables to 100 for the period
January 2000. Note that an increase in the REER/NEER index implies appreciation of the
domestic currency. Quarterly figures are produced from monthly series by simple averaging. Seasonal adjustment of the all series is undertaken employing TRAMO-SEATS or X-12
packages.
Oil production data for each country are collected from OPEC Monthly Oil Market Report.
Production data is expressed as an average daily oil production (millions barrels per day) in
a given quarter. The production data is seasonally adjusted using TRAMO-SEATS package.
Data on oil price is taken from I MF 0 s monthly updated publication on primary commodity prices. This data expresses per barrel USD price of crude oil - dated Brent, light blend.
Monthly data are averaged to obtain quarterly series. Quarterly figures do not exhibit any
seasonality, hence left seasonally unadjusted.
Algeria
The monthly data on CPI is collected from the Consumer Price Index Bulletins and from
the Chapter 4 of the Statistical Facts for 1962-2011, publication of the National Statistics
O f f ice (ONS). Quarterly figures are generated from the monthly series using simple averaging and then seasonally adjusted applying X-12 package. Note that CPI data from IFS
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database and from official sources are generally not in compliance with each other. We opt
to draw on data from official sources of Algeria.
The f iscal expenditure figures are only available on annual basis and define Central
government f inances for the period 2009-2016. They are collected from the Bank o f Algeria0 s
Annual Reports. Quarterly national accounts figures are available since 2015. We opt to linearly interpolate annual fiscal expenditure figures for the period 2009-2016 since Chow and
Lin (1971) interpolation approach using GDP series is not feasible.
Angola
The CPI data covers the period 2005Q1-2016Q4 and is obtained from IFS database. Original monthly series on CPI are averaged to obtain quarterly figures. Seasonal adjustment of
the data is carried out using X-12 package.
The quarterly f iscal expenditure figures are collected from Ministry o f Finance Public
Finance Reports and Statistical Bulletin of the State Budget. Quarterly figures are available
since 2006, though the figures of the last two years have not been published yet. Because we
base our analysis on growth figures and use few observations for initialization of the VAR,
we linearly interpolate annual expenditure figures for the years 2005 and 2006 to produce
quarterly figures for the year 2005. Besides, employing annual data from I MF Article IV for
Angola we linearly interpolate fiscal expenditure to produce quarterly figures for the years
2015 and 2016. Note that National Institute o f Statistics ( I NE) has recently released annual
national accounts data of Angola for the period 2002-2013. However, quarterly GDP series
is in production and is expected to be finalized in 2017.
Australia
The CPI data is on quarterly basis (2000:Q1 - 2016:Q4) and obtained from the Bureau o f
Statistics. TRAMO-SEATS package is used for the seasonal adjustment.
The monthly f iscal expenditure data is obtained from the two sources: the Reserve Bank
o f Australia and the Department o f Finance. The first part of the data is obtained from the
discontinued electronic database of the Bank which covers the period 2000:1 - 2013:5. Then
the remaining observations is filled using the Commonwealth Monthly Financial Statements
of the Department o f Finance. Quarterly figures are calculated by summing up the corresponding months within the quarter and seasonally adjusted using TRAMO-SEATS package.
Azerbaijan
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The monthly CPI data covers the period 2000:1-2016:12 and is collected from the regular
monthly releases, Statistical Bulletin of the State Statistical Committee. Quarterly figures are
generated by simple averaging and then seasonally adjusted using TRAMO-SEATS package.
Similarly, the f iscal expenditure figures are available for the whole sample period under
investigation and collected from the same publications. Note that those figures define actual
expenditures of the state budget, not consolidated one. Quarterly data is seasonally adjusted
applying TRAMO-SEATS package as well.
Canada
The monthly CPI data for the whole sample period are obtained from the CANSI M
database of the national statistics office, Statistics Canada. As usual, they are averaged to get
quarterly series and then seasonally adjusted using TRAMO-SEATS package.
The data on f iscal expenditure defines the expenses of the Federal Government in national
currency and is obtained from CANSI M database. Quarterly figures are seasonally adjusted
using TRAMO-SEATS package.
Colombia
The data on monthly CPI is obtained from the Central Bank o f Colombia0 s statistics
database on consumer prices. As usual, quarterly figures are produced by averaging and
seasonally adjusted using TRAMO-SEATS package.
The f iscal expenditure figures are taken from the dataset on Central National Government
Fiscal Balance (official statistics) which is available on monthly basis since 1995. TRAMOSEATS package is used to seasonally adjust the quarterly data (which is obtained by summing up the corresponding month figures).
Ecuador
The monthly CPI data is collected from the National Institute o f Statistics and Census
and covers the period 2000:1 - 2016:12. Quarterly figures are simple averages of the corresponding months within the quarter and seasonally adjusted based on TRAMO-SEATS
package.
The f iscal expenditure data is on monthly basis (2000:1 - 2016:12) and obtained from the
database of the Central Bank o f Ecuador. It is expressed in millions of dollars and defines the
Central government budget expenditures on accrual basis. Monthly figures in a quarter are
summed up to find quarterly ones and seasonally adjusted using TRAMO-SEATS package.
Indonesia
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The data on monthly CPI is collected from the three sources: IFS (2000:1 - 2003:12), Bank
o f Indonesia (2004:1 - 2004:12) and Statistics O f f ice (2005:1 - 2016:12). As usual, monthly figures are averaged to produce quarterly ones and seasonally adjusted using TRAMO-SEATS
package.
The quarterly f iscal expenditure data is obtained from the IFS database and expresses
Budgetary central government expense in billions of Indonesian Rupiah. The seasonal adjustment is undertaken using TRAMO-SEATS package.
Iran
The data on monthly CPI is collected from the two sources from the IFS database for
the period 2000:1-2002:12 and from the statistics dataset on consumer prices of the Central
Bank o f Iran for the period 2003:1-2011:12. One relevant issue for the Iranian time series
data is the existing difference between the Iranian and the Gregorian calendar dates. In
other words, it is important how we treat and record the timing of transactions when we
are moving from one calendar to the other. The Iranian year generally starts at the 21st
of March of each Gregorian calendar year. So, every Iranian calendar month contains 1/3
days from the current and 2/3 days from the next month. Thus, for consistency with the
Gregorian calendar months, we take an Iranian calendar month which contains the majority
of the days of the Gregorian calendar month (2/3 days) as if it is equivalent to that Gregorian
calendar month. For instance, the Iranian calendar month Tir extends from June 22 to July
22 of the Gregorian calendar month. Thus, we take data for the Iranian month Tir as if it
belongs to the month July of the Gregorian month. Some authors prefer to take weighted
averages of the data corresponding to the respective two months (for instance, see Esfahani,
et al (2009)), but we opt to stick to that practice as it seems to be in compliance with the IFS
data series on Iranian CPI.
The f iscal expenditures data is available on annual basis in the Economic Time Series
Database of the Central Bank o f Iran. This data is listed under the title Government Finance
Statistics and defines the Central Government Expenses. We employ Chow and Lin (1971) approach to interpolate annual data and generate quarterly figures on the f iscal expenditures.
As a regressor in the corresponding interpolation method, we draw on seasonally adjusted
quarterly GDP at current prices. Those GDP figures are obtained from the same database
for the period 2000:Q1-2011:Q4.
Kazakhstan
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The monthly data on CPI is collected from the Central Bank o f Kazakhstan database and
covers the period 2000:1 2016:12. Quarterly figures are calculated as the simple average of
the monthly data and seasonally adjusted using TRAMO-SEATS package.
The data on the f iscal expenditure is compiled from the monthly Statistical Bulletins of
the Ministry o f Finance which is available online since 2000. It reflects Expenses (excluding net acquisition of assets) of the Financial Operations o f the Government Administration
Sector. The monthly figures in a given quarter are summed up to obtain quarterly counterparts and seasonally adjusted using TRAMO-SEATS package.
Kuwait
The monthly data on CPI is constructed based on the two sources IFS database covers
the period 2000:1 2005:12 whereas the Central Statistical Bureau covers the period 2006:1
2016:12. The monthly figures are averaged to produce quarterly ones and seasonally adjusted using TRAMO-SEATS package.
The quarterly data on f iscal expenditure is collected from the Quarterly Bulletins and
Quarterly Special Edition publications of the Central Bank o f Kuwait. This series is seasonally adjusted applying TRAMO-SEATS package.
Malaysia
The monthly data on CPI is collected from the Monthly Statistical Bulletins of the Central
Bank o f Malaysia and covers the period 2000:1 - 2016:12. Quarterly figures are simple
averages of the corresponding months within the quarter and seasonally adjusted using
TRAMO-SEATS package.
The monthly data on f iscal expenditure is also obtained from the Monthly Statistical
Bulletins and covers the whole sample period. It expresses Federal government expenditures
and is in millions of Malaysian Ringgit. Quarterly figures are obtained by summing up the
corresponding months and seasonally adjusted using TRAMO-SEATS package.
Mexico
The monthly data on CPI is compiled from the database of the Bank o f Mexico for the
whole period under investigation. The monthly figures are averaged to get quarterly data
and seasonally adjusted using TRAMO-SEATS package.
The quarterly data on f iscal expenditure is obtained from the Bank database as well. It
is provided as accumulated monthly figures and defines Total Expenditures o f the Federal
Government. The quarterly data is seasonally adjusted employing TRAMO-SEATS package.
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Nigeria
Though the monthly data on CPI is available for the whole period, we confine our sample period for Nigeria to 2007:1 2016:12. This is due to the unavailability of the reliable f iscal
expenditure data for the whole sample period. The monthly data is taken from the statistics
database of the Central Bank o f Nigeria and seasonally adjusted using X-12 package.
The annual data on f iscal expenditure is obtained from the Annual Statistical Bulletin of
the Central Bank o f Nigeria. It defines Total expenditure o f the f ederal government and listed
under the Summary o f f ederal government f inances. Though quarterly data is sporadically
available from various sources, such as the Ministry o f Finance, the Budget O f f ice o f the
Federal Government, the O f f ice o f the Accountant General o f the Federation, it is difficult to
construct a well-defined quarterly time series. Besides, inadequate data coverage is one of
the pressing shortcomings regarding the Government Finance Statistics. Instead, we prefer
to apply Chow and Lin (1971) approach to generate the required quarterly series, employing
quarterly GDP and government consumption expenditures (at current prices) as explanatory
regressors. Data on quarterly GDP and government consumption at current prices covers the
period 2007:Q1 2016:Q4. They are taken from the Nigerian Gross Domestic Product Reports
of the National Bureau o f Statistics. Quarterly data is seasonally adjusted using TRAMOSEATS package.
Norway
The monthly data on CPI for the whole sample period is obtained from the national
statistics office, Statistics Norway. As usual, monthly data is averaged to produce quarterly
ones and seasonally adjusted using TRAMO-SEATS package.
The quarterly data on f iscal expenditure reflects the Total Expenditure o f the Central
Government and is obtained from the same database. It is seasonally adjusted employing
TRAMO-SEATS package.
Oman
The monthly data on CPI covers the period 2002:1 2016:12 and is obtained from the Data
Portal of the National Center f or Statistics and In f ormation. Monthly data is averaged to
get quarterly figures and seasonally adjusted using TRAMO-SEATS package.
The quarterly data on f iscal expenditure is taken from the Quarterly Statistical Bulletins
of the Central Bank o f Oman and covers the period 2002:Q1 2016:Q4. The data is seasonally
adjusted employing TRAMO-SEATS package.
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Qatar
The data on CPI is at monthly and quarterly frequencies for different periods. They are
collected from the Bulletins o f Prices and Index Numbers of the Ministry o f Development
Planning and Statistics. The monthly data covers the period 2012:1 2016:12 and the quarterly
data for the period 2004:Q1 2011:Q4. The data is seasonally adjusted using TRAMO-SEATS
package.
The data on f iscal expenditure defines Total expenditures (on cash basis) and is taken
from the Quarterly Statistical Bulletins of the Central Bank o f Qatar. The data is seasonally
adjusted using TRAMO-SEATS package.
Russia
The monthly data on CPI is taken from the database of the Federal State Statistics Service
and covers the whole sample period. As usual, monthly figures are averaged to get quarterly
ones and seasonally adjusted using TRAMO-SEATS package.
The quarterly data on f iscal expenditure reflects the Total expenditure of the Federal
Budget and is collected from the monthly Statistical Bulletins of the Bank o f Russia for the
period 2000:Q1 2010:Q4. Data for the period 2011:Q1 2016:Q4 is compiled from the statistical database of the Ministry o f Finance. Note that the relevant data is also available as the
monthly report series on the execution of the Federal Budget from the official website of the
Federal Treasury. Quarterly data is seasonally adjusted using TRAMO-SEATS package.
Saudi Arabia
The monthly data on CPI is obtained from the interactive statistical database of the
General Authority f or Statistics and covers the period 2009:1 2016:12. Monthly figures
are averaged to produce quarterly ones and then seasonally adjusted using TRAMO-SEATS
package.
The annual data on f iscalexpenditure is taken from the annual statistics database of the
Saudi Arabian Monetary Authority. It reflects actual Total Expenditure of the government
and covers the period 2009-2016. We employ Chow and Lin (1971) approach to interpolate
annual series and produce quarterly figures. As explanatory variable in the regression, we
employ quarterly GDP figures at current prices. This data is obtained from the statistical
database of the General Authority f or Statistics and covers the period 2010:Q1 2016:Q4.
Annual GDP data for the years 2008 and 2009 are used to linearly interpolate the quarterly
figures for the year 2009. All data is seasonally adjusted using TRAMO-SEATS package.
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United Arab Emirates (U AE)
The monthly statistical data on CPI is collected from the database of the Federal Competitiveness
and Statistics Authority ( FCSA) and covers the period 2009:1 2016:12. Monthly data is
averaged to produce quarterly figures and then seasonally adjusted using TRAMO-SEATS
package.
The data on f iscal expenditure reflects the Consolidated Government Finances and collected from the Quarterly Economic Review of the Central Bank o f U AE for the period
2013:Q1 2016:Q4. Annual figures from the FCSA database for the period 2009-2012 is used
to linearly interpolate quarterly data for the period 2009:Q1 2012:Q4. All data is seasonally
adjusted using TRAMO-SEATS package.
United Kingdom (UK )
The monthly CPI data is obtained from the O f f ice f or National Statistics (ONS) and
covers the whole sample period. As usual, quarterly figures are produced by simple averaging and seasonally adjusted using TRAMO-SEATS package.
The f iscal expenditure data is also obtained from the ONS and expresses the Central
government expenses (in millions of UK Sterling). The data is seasonally adjusted using
TRAMO-SEATS package.

B

Country Characteristics Data

Data on country characteristics encompasses per capita income (in current USD), index on
exchange rate f lexibility, index on central bank independence, number of f iscal rules in action,
import share (as a percentage of GDP), dummy variable on the existence of sovereign f und
and oil dependence (as a percentage of GDP). This data is on annual basis and covers the
period 2000-2016. Note that in our regression analysis, we employ the period average of the
corresponding variables.
Per capita income and import share (as a percentage of GDP) data are obtained from the
World Bank database. The index on exchange rate f lexibiliby is gathered from the updated
database of Reinhart and Rogoff (2004) which continues until the year 2010. The remaining data is collected from the IMF’s Annual Report on Exchange Rate Arrangements and
Exchange Restrictions. Index values should be interpreted as follows: 1: peg, 3:crawling peg
or managed floating, 4:floating.
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The data on central bank independence is a Cukierman index. It is collected from Garriga
(2016) and Dincer and Eichengreen (2014) database. The data on the number of f iscal rules
is taken from the IMF database on fiscal rules. The data on soveriegn wealth f und is obtained
from the Sovereign Wealth Fund Institute website. The data on oil dependence expresses oil
production as a percentage of GDP. Oil production and oil price data are taken from Ross and
Mahdavi (2015) database whereas GDP data is obtained from the World Bank database.Oil
dependence is computed as the nominal value of oil production to the current GDP.

30

